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difference was based on conducting a comparative study on a characteristic of
personality which is ' extroversion ', where the scale of the five major factors was
applied to the university students, who number (70 students), 39 male and 31 female,
and the R programming language for statistical processing was adopted, which is a
language that has statistical packages Through the procedures of iterative reasoning
and Bayesian reasoning, especially the study of differences through its availability on
the 'BEST' package, also allows for clarity and ease in applying its instructions in
Bayesian statistics compared to other statistical programs, and the results of this
research were the existence of differences between males and females in favor of
females, but Differences were observed in the accuracy and discussion of the results, it
was through repeated inference that differences were found without any other
practical information, while Bayesian reasoning went beyond that, which is a
discussion of how accurate and how For evidence inspired by previous data and
information that supports or cancels the hypothesis instead of stopping at acceptance
or rejection only and also highlighting the importance of the results of previous
studies and experiences in the results and inferences of current research.
Keywords: extroversion, frequentist inference, Bayesian inference - "BEST" package.
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Laola e (L) (29) 5 5985 (31) el 70 Ayl Aie CiigST Bjuomin b e Al
2020554489 aile G SN Ayl Budat 03 s ((6,50u0) piiais dazmo
syl 81513

LieesS cdybo o Laslie) o (301 ST Aol Jolgall Aa515 Aaalyll i (3 potietin
o< 8ylee (NEO PI-R) zaidl NEO &pmseds 3, day 1992 sle (Costa & McCrae) ,Skag
Lyl e 7 Lai¥l) jase all (§)aSl ool 2miedd) Sloadl (o iy (omieds 3, >
G e Uagi NEO PIR gl celIs J) 28LayL (Anliantly cJgually cbolui¥lg « stasally
(gl () oo uas (00 gt ds Baso JST ey ulid

Costa alaslgs pmseddl 3,2 440y 1978 ale 3 728l NEO PI-R sk (Lisyls
2005919929 1985 (§ mlvaicd 3,2 (oo Lidoms fud M G5t Ll 695 445 McCrae
syl @ilgd uazs. Jlgzll e NEO PI-3 9 (zaxl| NEO PI 5i) NEO PI-Rg NEO Pl (i &l
Aazea plae dxadl

240 ¢po 0585 | JoSIINEO PI-R ps suadly Jodol o e 5l @ilgd (ggas
NEO Five-Factor ) ,4a8¥ NEO-FFI gtz Loity cdagl Alimatcilonys 48519 uaic
o ol Jua¥l 3 5Las) g has 03 (Il JSI12) Jadé Bymic 60 e (Inventory
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Do a5l Layl umg a8y Aule 3wl (alyal (e Ogilay ¥ cpddl caadldl s Ludlly JLs I
Aol ala¥ ol ) bz A g Il Jol uiad s JLabll as sl wU
ohe 7Ll L luas¥l ubantl s 20 2 8 ulie e Gle Joldd oo dpmsedl]
.(Rubenzer and all, 2000) yeall daz, cAdgall (5 psll

ald olalall jue dnoMis oLy poluall 4odio e 3amtl Slel i o 9
sl mol G oyl ) Al e Aaslal) g daa i (1997) ple ()l
S Aasylay eliall e LYl cilays iy uBy Appall Al § gudally plasawdl
(2015, JLead) Likert
s Aoyt B15Y & e g Sl asliazedl -1-3

13l Ly B 28520 J2¥ il 30 Lalsd Auedllntaal Bige e (oliall miss o3
'psych’ dslas¥l Ayl Cagdsgn 'R domay al il calyl]
cen et (Aubs Las¥ ) diay) 2yl B1al Sl (gun olsal saalyudl 81l g -1-1-3
(02) 8y Jolly 'psych’ aslias¥l dajoell calogn Ll oo STl ¢ Liig ST Lall aslas
>alpha (data. alpha. neur):aedazll 339 (Revelle,2015) dulyull 3151 ol cMalas misss

oobdll Sl oliad #Lig,S Ll oud Jolas (s (01) 03y Ju

o

0.97 oLl ay it Jalas

0.98 JSS oluall s Jalas

o bt Jalas Loi <(0.98) ady uleaald bl Jalas 00T (1) Jguzed! (0 sinty
Lon sl (n alle oyt ptts Aublaasi¥l oay o) gl (5Sas JLL 1097 bl
Ayl &g e diplaty mos
sl yudl 3151 Se - 2-3
t 1) BLudY) das )y el Glus 1-2-3

Lisaly iaccld 3601 2y 3 (s Laas¥1) 25 oy v oLl cdlelas colas
A % elasll 38 . psych’ 2ulms¥ A ajal) i lagi, ol uiall A K Aoyl
> cor (data.neuro 'psych’ 45Lasyl 4=l cals s (Revelle,2015)

sl ald 2T Byl 0 o oL s (02) oy Jpui

0.70 0.84 015,221l
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0.67 0.80 025,221l
0.55 0.66 035,24l Al Ly
0.77 0.81 045,221l
078 0.82 055,44l
0.70 0.80 06 5,24l
0.56 0.74 075,441l
0.69 0.70 085,241l

oy (o La¥1) sy 5,28 (5 s L) EDlelan g o1 ginl] o it
188 apen 18 diles 0.83 Bld Lo 298 A Ayl Ledolisyl9 0613545 LIS al
U obidald A0 Byl sl 1555 Bl (o L o el 3 e (s L)
3ol aadl
e smiud | aolasy cdlull -4

oty ilan¥l el ills 3, lally ol (e e ol a3 sbeze¥l o3
(L) 3 S5 13S0l s 3y s
s Bl sy R 1 A ima s alaiiials @Sl sLuasyl 3 (Ltest) "o SLzsl-
(Everitt &Hesketh,2006) : Jll JUll (389 (ric saza

t. test (I (width * convert) ~ unit, data = roomwidth, var.equal = FALSE)

Uit 529 BEST iz 5L oo el sLmsdl caing g sgiall " L5
ST laslan 359 Loa 1t LY Gl Shots BEST Aaal o5 vl " jLessY
(Meredith, & Kruschke ,2018) .ullaugall 3 85N lg liall Jo 21,3
syl il -5

3Ly ot Ay B Ll 03 59,8 s ¥ * 581 il s
(S5m0 - SN el ity (S0 1955) i)
( FewdISTN) 6, eliasP! plsisls Ay pall HLeis| Y

AT s i 3o o 39y al) Falyl SLiis | gy (Tutes)e’ L) las o3
I Apardatll 339 "R Huzma s Gaddats (S - 5sSLll)
model.extra <- t.test(Exra.f,Exra.m,paired = FALSE, var.equal = FALSE, conf.level = 0.95)

g\g‘.as élj_‘." Lugj
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(@relinll) (g1, Sl " ylias | gl (1) Byguo

> model.extra <- t.test (Exra.f,Exra.m,paired = FALSE, Wvar.egqual = FALSE
> model.extra

Welch Two Sample t—-test

data: Exra.f and ExXra.m
t = 2.4723, df = &2.71l6, p-value = 0.01615
alternative hypothesis: true difference in means is not egual to 0
95 percent confidence interval:
1.30541% 12.317410
sample estimates:
mean of x mean of
32.23077 25.41935

L) pedsg Bely5-1
(godandl) 1,81 ' slas | il (3) Jgae

Low Low S Lol AY¥s | las! das
90 90 2401 Lo giws | B
V)5S | () &Lyl ¥l " &
~1.305
25.41 32.32 0.05 0.01615 24723
12.317

10l giiud @badl s (re

o ol Laid 2 (p-Value=0.016) "0.016" golus " HLas¥l aI¥s Aesd o Lay
il Ayl 2y o2y Jalls cAlia] Y3 3929 e Joty 1da <(0.05) Yl Syis
Gard O i ly IMas| 329 Alasdle Lyl Ayl il ey Lang .0.05 1Y (Sgiune s
(Kerns, 2018) .(32.41) &:L¥1g (25.41) 5sS I cny s Jasogall
.(Bayesian statistics): gned! sLias¥| aluasmiwl Ao ,all jlas | Ll
:(HDI) 3> aojgald 431 el Jles pluseinly s yall slas i do¥l 4a i1

Frequentist ) =, Sl e dastay g gudadll sLas¥l (e calisey (Gl sLas
Bdas ogyludag auly Blas e (¥ 28Lasyl sl 4la puset W3 &y o Statistics
Gl ¥l (¥ Lazs¥) e dazad) ¥ LeisW) eudd pwaild Ablally Al udl Laibaz]
leadylss aluzial edas IMS e yTenaS dalail s5lat g Lyl LayLadil e ael
olis LpoS "R Asbiasyl! 51" Ay sletel o3 Ll il 5SLad 25,1 29 (MCMC)
(' Statisticat,2013).La skt e avamseil] azmdug delug Loa jiuall o giag Apilxag
(Kopecky,2010)

4ol 4ol Alas ug U1 (1761-1701) " Thomas Bayes JI gyl pgall az s
) oslal 8 353 uBs 3 @by HISET S e Aed) 28l s 3 5Se g aals
oladl e 653 o3y eyl @latll A lasg cnlisbanyl 3 Uayl (ST awdall 3 Laas
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https://en.wikipedia.org/wiki/Thomas_Bayes

das el paas z ol 4 Ben Sl L Jus Jla (Hartmann, & Sprenger ,2010.)
A a LTy LMy 4 Leall lél =¥l g cile gzl illasgal (Posterior)

o5 Ll e Lmails S bl 38T o133 ST Bypim (s 25 i s
s sLasy (Meredith, & Kruschke ,2018) .(Credible Interval) dudgige ol idg 4,85
liTs ciesama (s 395a)l Aulyul (Bayesian T-test) gued! "o HLiis| 03 Apgs,all
4.0.0 ;laayl (R programming) " ;1 &sliasl Aol ilaz ! @5 (S -55Sat)
(Posterior) EoM1 a3l (pa live meli Anj> (B9 "BEST 4uj> M5 (e «(Team,2020)
(Plummer, 2003). 4ae delas SO
tged! slas¥l § Aunyall jlas | &lghs1-1
prior probability distribution §;lud! Jleisd! asjeall (read-1-2-1

ore sty o) JLais¥l anjer (2 8uShe sae 4esd < Prior gl Jlei>| aaies lia
O ez (A HLae 3 U (aey JsT (b LSl sda o Ldy dips g (e ddl oladiae
(Lin,2013) .ol Hiue

Lyall 71,81 jaiay o> ol mo duzmag A JST 58l AasLad| sl juiad
Bl O I Ly I3 ammysg 2l JuSCAT (e e lus 3olaad] ol (y0 2L 25,1l
Slalydl aay Jloeig 86,8 UiS (Taylor & Todd.1995) g w H4ST 48yl Jazes
clelimn¥l paad 208 i) B Il el domdl gy inge 3t Ll 5059 ALl
(Kruschke ,2013). (&Leall 3,1y plauel Lasagall : Jio

B Bl 39038 Laylire! o Say Al Lut¥1" e =gl by s ps Jolons
(MUM=11) 3laed) Lasgill 555 (e Uil 4] lmgs Lo 2090y Sl 2l el
dama L) Ay (2002 asLadl) Alys ieslalyddl pasdd (muSD=3) gylall alyi¥ls
(Prior) Esladl asssil ada Eom adyill bugill ol sLaze¥) J) 280230 (2007) 7w
saall of variable 8uS5e jae dalal (Folud) dle 3kl Lo LI gl Jlazs oy yedl
i Hlae¥l $ bl ds T s B glan cnadl soe e am Jlais ajss g (ST
aylas Gadat e 390 (0) Slelas e Lajpeasd (b yall ciledally sl 29l ilelas
W Jlexs¥l anigs paand daglas o Jloas¥l adls G(Prior) Eladl s @i « by
el sl s s e 353he el J) LastL(O) gy 211 sussill s (Posterion)
Il drogtdl o " S Al daLadl byl (aay e oY1 iy Galsed) aienll e
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https://stats.stackexchange.com/questions/273193/bayesian-t-test-assumptions
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Meredith, & )&l Lially culyudl s slate (Prior.Exra) bl asseall s L]
(Kruschke ,2018
> prior.Exra <- list((muM =11, muSD = 3)

syl 7z g eliy - 2-2-1

LLasY (Bayesian Model) e 7 395 ¢ Ly s ("BEST") Asbias¥! dajad| M5 (1
gyl cadsgny cldg 6, Sl Judeeadl (37T 5Ll ey Le T conie gomme Ot B9,
Al dadaddl cews «(Markov Chain Monte Carlo ) MCMC awj;lg5 9

>T.TESTout <- BESTmcmc(Exra.f, Exra.m=na.rm=TRUE), priors=prior.Exra,

parallel=FALSE)

4ylal (Posterior) Aas¥ =L asyes utss (BESTmemc «Awluddl & adsgll o U zes
JWls . goleall ¥l Blelye ao sliaes Aegame Tasgio 45,laL ol cniegazme Jousto
Ldgisll @8 Jgo adlars| allee Gl el ore il 23 aeg "t HLasd Aldn (o8
Dl e 7ol ol 2¥l iy (U3 I A8L2YL A ligtuny Pl ead (e Yoty
Meredith ) .2dadl Saedl oliia yuoais e ik Aodetd "t asies aloiinls Auaclal
20,5 5481 Slaglas yags Las "t "Ly Lis S "BEST" 4ajxll 1945 .(&Kruschke, 2018
il AlE ilanies o) puaawdl Jags P Aaid (rag illasogilll (3 sy ligall Joo
Ads5 i (L yd9 Apleall Ll midly (Ledy09 degazll il wgiog « Slall e 285351
Ol oSy oS a8 atll @uall 5oyl dllang ¢ rudally Grluall Calymi¥lg L ogill cilasies
5 il 055 Lo (ot "t " | e ) B danl) Aasdl 51y allsutels s
293 Euo ("Bayes Facor b Jalge plusiwls @il g 3ged &55laa e o) Gase ypaall
Meredith, & Kruschke ) &l calaal calisel ilasyl 89all pusil 18,k Uayl dasel
(2018
g 3geidl Juddis - 3-2-1

BSLell ddoe Tus s " T.TESTout" sel s Laaoesy” BESTmemc” daglas)l dass
Wado Buadotty (G181l U y0) (rae due e cadgddl Ao Lyl G =l Sldae S5 (0
e il Gl Jads o> «(Markov chain Monte Carlo. MCMC) ol 350 84S
oSy (Markov s L] IS cya o Lais¥ 1 4355 cpe bl B3 cilins gl (o A
sue ol Ll Aludad! o ol Jazmad Gasbo (e 40 gy Ll aiaall (e e (e Jual!
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https://rdrr.io/cran/coda/man/mcmc.list.html

dalies lia)ylgs liag g llall avigtll ae 0p8 (re il auigs ol (Aiaall Glghas!
Metropolis—Hastings ) jaiutula lssg e dua))les s (9 Loy 86S5Le Aludis s LAY
Badate S gauall oyatll Golued Jo¥1 alall § (MCMC) Gk pusezud (algorithm
gl Lz gdoudl cdpgldl s Linally ) e Liasl (8 UL Juss e colay¥)
685k Uudie s Ly (MEMC) @luoylg3 945 LeS . (Kopecky,2010) - An gl ciligallly
sue zades (Johnson,2007) Lge clige sl (3 caeys (Al clisSU o Ledls (3585 (Al

(B> Zelac 100.000) soall e Zuelyl] Zigad MCMC Zgaiylgs Alaalgy 3Ll

@bl gy -4-2-1

Aegdaill aluserul @wlidl (o ye Sy (T.TESTout) z 390l Hlas | uay
> print(T.TESTout)

Sred! " HLas | pl :(2) 3y940

> print (T.TESTout)
MCMC fit results for BEST analysis:
100002 simulations saved.

mean
mul 24.78
muz 10.53
nu 43.69
sigmal 13.61
sigma2 36.79

2.
3.
32.
2.
36.

sd median

272
031
148
126
403

'"HDIlo' and 'HDIup' are

'Rhat' is the potential

> |

Gl ' slas | mls Slallias 74 (4) Jsas

HDIlo
.91 20.179
.54 4.70¢
22 3.525
.37 9.830
52 1.299

HDTuUp

29.
le.
107.
17.
1089.

04
58
18
30
80

1
1
1
1
1

Rhat
.000
.000
.000
.000
.001

n.eff
26840
54302
24649
24451
12445

Ig;gLAS'E;UJJ|¢JJE}

the limits of a 95% HDI credible interval.
scale reduction factor (at convergence, Rhat=1).
'n.eff' is a crude measure of effective sample size.

sl pdsg 5¢b§ -5-2-4

SLY Ae gzl slusdl bawgall dalas Jies Mu1
09S Ao gozel plusd| Lasgall dalas Jies mu2
LY Ac gazl gHlall Col =¥l dalan Jias sigma’l
DS de gzl (gLl ol sl dalan Jias sigma2
Highest (Posterior) Density Interval HDI
Brooks-Gelman-Rubin scale reduction factor Rhat
Ll JLasll qxll effective sample size n.eff
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Highest” HDI Jlxa (30 % 95 39> (§ Gsuaills Ll 3941 L sumds " 'HDIup”s "HDIl0”
Sigma-) z 3geidl lalas (o denle JSI" 2atll Jlel 28US el " Aaig "Density Interval
.(SlgmaZ -m1—m2
el 'yl Badas Jogy g L i)
ipeill Jsed o il i Js¥1 ol Nl

4asdll ;e (31 (Brooks-Gelman-Rubin scale reduction factor)Rhat 2Lasd (395G o
¢ (Gelman and Shirley,2011) 2011 ale " Iadg olelen" 4] ioss Lo s "1.1"
Loy il 3ams @uall JS o (4) Joasd! s

Al ddlad oo Gasdl  GUI (ol iY@

sae oo Lasls (81 (395G (effective sample size) gall Jlaall ezl (pe payineff -
Sl bladl an e by & §-domy dt Agall gz (¢ j4ay9 «(Simulation) 5LS =L
10.000 0 ST 03655 o L ydag «bled! cny (autocorrelation)

dgign Goiums B il Dilelan yaand 459,45 10.000 o Ao yall” neeff” oud -
Aalao JSIBISLell g gazme o) Lol Ll Jum gkl gilidl M5 (08 (Cridible Interval) %95
LLal aue by & das 3ax09 3ame dgall sie by Jdlg (100002 (s 3T g9l
(Meredith &Kruschke,2018) .l sazll cns (autocorrelation) il
slas adas Loy s o Jaall (Say JLillg cndame o LAY o caels ! oo il
(3ize (i gezma Ot 39,8l Ayl Sred! "
scwludl ol lidiud! -6

2385 J Jumsil) o (Prior ) sl asssalls el I35 (o oililedly 4031 e ny
JLas¥1 of (Bayesian  statistics) el cLias¥! L) @ 4= Eoe> «(Posterior) 31
digad @F il Jleis¥l g8 uS5e pe 718 of Jlgde Siumd (posterior probability) 3>
& (Posterior) alhaiasy dymdy to> Lae¥l  Alall =3 (Prior)da,Lud) of oYl sl oy
8 eSSt anis3 58 pssill 1in Jilly L @3 1 Zuiall 2lnlly il slimsl
5125 o Ll o3l o5 1 AL A e Sl ki Lna Jalaill ot iy ne
(Khan,2019) s
cllasgill o 34l s gy (Plot) sy iz 3geidd L sy
" plot(T.TESTout)" deaplar)! Fodas
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https://en.wikipedia.org/wiki/Bayesian_statistics

<- plot(T.TESTout)

sl il o saa | I (s
oo 69l s (s ol ba(Posterion) >34 JLezs¥l pussil
Saedl ' sl clla sl 8.56: 92 Sl woill (n 59,all ln wwgia
Difference of Means Jlaisdl aisrll 50 28US AN ey
% 95 Yl (s95un § 3>

Eumey HDE95% = [-11.2, 30.1] o
=S¥ LLad J S (HDI) JLsll gz
eSe Lglgn 098G (¥ Loy of Adlazs|
(Kruschke,2014) .42, u>s5 JI Llasd)

mean = 8.56

7% < 0<79.3%

' 95% HDI
1.2 30.1
I T T T T 1
20 10 0 10 20 30
H1—H2

Jlrs (e 259 Laled ez g Ao luws¥1 & LY 1g 558 oy 39,01 Jasie o Ly
JLzll etz (daswgill) dadall (318 %95V Sgius 9> (91540l (Sas «(HDI)
LS Loy 20.7<% 0 <79.30 % : JLIS(1) syl 2l L [ Cosa (HDI)
Jleiml Llie 0.793 58 omge Gsins Byd 3929 Jlain| L8 %95 LIVl (Sgiwn 390
s 93 3,8 5929 Jleta| O Jgall (e dley <0.207 s sude b Soian b 3929
Alal Wilian] J1s 3y 3929 Jlaim! 15 007931 g2 "Lyl " Js¥1 aall gllal Hgins
0.207 :5a " 35S " S sl
(ROPE) ead! 35LS2 Jalaa alaiialy i all jLisl e 3] 12 oudy s, Lall
.(HDI) s

5wl LiSey «(Bayesian  posterior) §>¥ g Jlai>! aigs ae Julans LT Lay
91) el llawgil) § Gadsdl 3,8l 0585 o0F Jlai! ypuas LuSed Cozmy ccslaglall (e a3l
(HO) 3yiall & yall sy of Jouis QS0 s ll” 2uacatdl 35 LL1 2 (pa (51
e 33yl Ay JUL Aty L (S5 iaiiond] dasl] o 2llain| e Jy el
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Lol s (pamadl (1o oy (am) siol 0.1+ Jlall (8 3)8 (55 b (pic gaza
(Meredith, & Kruschke,2018) .2l
plot (T.TESTout, compVal=1, ROPE=c(-0.1,0.1))
Gredl '@ Ly (albhwgil (3953l minga 1(2) ooy

Difference of Means

mean = 8.56

8% < 1 < 76.4%

i 95% HDI
-11.2 H 30.1
T T T T T 1
-20 -10 o 10 20 30

e

M ol el Hlas) 3 6),Sall J¥ el e caliges 4505 e JYaad
pdy Gl J¥arad ! Lol (@ Sael] "0" i Baudll e atiay &, SH J¥ o) s g
lia sg2g diad (Y ol wilall g 29 e @ Soell 0" Aagall e Jous & llaas 5, 1as
G IS (358 0S| dry cLekae A of wildl Ll Sy s Bllas 7515 JlaasY|
(Region of Practical Equivalence. ) " ROPE" _Leall 38101 dalais 1y GUasl |da (st
Sy s cLple slare¥l Koy ¥ ¢ (2aabs (39,8) 39,all 3 Jlae! ddlaie yaad Al (ROPE
Jlzs (2 "ROPE" dakate () Jgall (Sees JLillis (39,9 3929 poe Jloma) yimadl JI Lsyas
e (@ Soll (ROPE) (yolall 58S Aalaia cayls g3 (S s Lidoe (0 3958 3929 pue
4wy (ROPE) Jloma (o 285 "0" dasdll :(2) s yI IS (0 JULdl gl e 8iin o)
of Jsall (- Ses yiall A yall Jgid 2slate g (ROPE) 3l oo Lasg % 1 Jlozo!
0.01 52 &yaall des,all Joud Jlets|
Lo yall Jgud e @Sl (4Say SIS (ROPE) (3las (yauss (HDI) Ll (I8 odidnle el
%100 Loaads Lyiial
sl bidiw! -

o5 A yall e @Sl (ROPE) 5 (HDI) e sloze¥l aaludl mludl SO s
JLal 0.764: g 'dubo Ll (3 55Silly SUY G Lzga 3959 3929 Jlei | i) Uy gl
B 0sS g ALY G Al 39,8 59253 0.236: 6508 Jlai| Jolan (SLY1) Jo¥I jaaall
(1 psey]1 23.6<% 0 <76.4 % A AL s 11iag (558 1) LI al) it Ao Lawss|
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91 J9) i e (&Sl J¥ ) ol Ao yall 5L ) Al pe 3435 el A9
9 Jomeal) Jlai| Audg 28001 (B Jasdle 8Dsl Slia (ST 9 B yasall 2iiyall (a8
A yall last PUs e JLaL s Al (@ ¥l (il «Grnd! Judomal] 2adlly (8,11
Bayesian 5 (gauadl) 65!, s Las¥ § dezall (Cl) 4a) Jlzs R il e &l s
Brbs bldl pez 3 Ll Llsid ALkl b 5, Sl € old (lilen Zysoie 390> LI HDI
a5 Lee (Posterior) 3o avseddl jeany ¥ oeldd o paaill e Loz g 2l jLas |
cabgie padld (Gl pudT (3 elipall A5¥ sume aajel dmgy Y ASY LY ol Cadsll Lylgs
S 0 68 (63T ol 0 (MCMC) Aiidss I35 (0 Bl es aile yauile Gle
LS JY ! (8 Q1 Ll ¥ Leigy «(Prior) 2aLad! 28 ,al) (48 crs by alsed) aussall
oSl e Aayladl 28 yal) 5Ll 8 aalall puas il of Galaill (red c2aLall 48,2l
A1 &3 sy e ledall uotas aitug oof ez o 13] Lo b ISl (o cell3
(Kruschke ) .cls Ase @z of Al e wie 2893 ulilidl pazr OIS 13) Lo ol B3gunie S
25§ ala g (Prior) ALl 28 aal) giad! Sl § Jsill Sas dules (& 2018)
Slalall
S -

- 5953) pdll BSL bl ($ 39,8 2929 pue J) il i @il iy
Jgwall tim s Ll o el e (il - SN ) J¥ el (s bo alaserualy (0]
Al claglall o e 88001 3 oMU e (T ) s 1S oyl A pl) (ad, I
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